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Spatial Pattern of Traffic Congestion in 100 China Cities:
An Analysis Based on AMAP Traffic Congestion Data

WANG Huitong' LIU Chuanming’
(1. Institute of Finance and Economics Research Ceniral University of Finance and Economics Beijing 100081 China;

2. School of Economics Ceniral University of Finance and Economics Beijing 102206 China)

Abstract: With the rapid development of urbanization wurban traffic congestion is becoming increasingly
serious and how to effectively alleviate urban traffic congestion has become a hot topic in many disciplines such as
urban geography and urban economics. Studying the spatial pattern of urban traffic congestion is the basis and one of
the important ways to effectively alleviate urban traffic congestion. Based on the daily data of urban traffic congestion
delay index published by AMAP data platform from January 1 2017 to December 31 2017 this study examines the
spatial pattern of traffic congestion in 100 China cities from the three aspects of spatial distribution spatial

agglomeration and spatial difference. It is found that the cities with lower traffic congestion level mainly distribute in
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